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Abstract
The evolving complexity of genome-scale experiments has increasingly centralized the role of a
highly computable, accurate, and comprehensive resource spanning multiple biological scales and
viewpoints. To provide a resource to meet this need, we have significantly extended the PhenoGO
database with gene-disease specific annotations and included an additional ten species. This a
computationally-derived resource is primarily intended to provide phenotypic context (cell type,
tissue, organ, and disease) for mining existing associations between gene products and GO terms
specified in the Gene Ontology Databases Automated natural language processing (BioMedLEE)
and computational ontology (PhenOS) methods were used to derive these relationships from the
literature, expanding the database with information from ten additional species to include over
600,000 phenotypic contexts spanning eleven species from five GO annotation databases. A
comprehensive evaluation evaluating the mappings (n = 300) found precision (positive predictive
value) at 85%, and recall (sensitivity) at 76%. Phenotypes are encoded in general purpose ontologies
such as Cell Ontology, the Unified Medical Language System, and in specialized ontologies such as
the Mouse Anatomy and the Mammalian Phenotype Ontology. A web portal has also been
developed, allowing for advanced filtering and querying of the database as well as download of the
entire dataset http://www.phenogo.org.
Introduction and significance
The advent of high throughput techniques in the biologi-
cal realm and the concomitant exponential increase in the
amount of computing power offered has made an unprec-
edented amount of biological data available for complex
analysis not possible in the past. Studies of the proteomes
of entire organisms have now been made possible, facili-
tating analyses never before possible. This has been partic-
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ularly notable in the study of complex diseases. The
addition of diseases and disorders to the phenotypic
annotations as part of the expansion and extension effort
has made the database a prime resource for multi-scale
systems analyses of biological significance across a large
number species. For example, a number of studies have
sought to amalgamate the human proteome with known
diseases and their associated genes and protein products.
PhenoGO was applied to one of the first of such studies,
aimed at elucidating the molecular mechanisms underly-
ing complex diseases en masse [1]. Similar studies have
applied text mining strategies over clinical data sources
such as the Online Mendelian Inheritance in Man with
varying degrees of success [2-5].
The Gene Ontology was established to provide a compre-
hensive, universal resource with which to characterize
molecular elements in terms of their characterized traits
and functions. However, the functional concepts often
attributed to genes only exist within some phenotypic
context – which is almost as equally often left out. Phe-
noGO is a multi-organism database that provides pheno-
typic context to existing associations between gene
products and GO terms as specified in the Gene Ontology
Annotations (GOA) [6]. Context for identifiers are mapped
to widely employed biological ontologies, including the
Cell Type Ontology (CO) [7], the Unified Medical Language
System (UMLS) [8], and National Library of Medicine's
Medical Subject Headings terminology (MeSH) [9] and
some specialized ontologies such as the Mammalian Phe-
notype Ontology (MP) [10] and adult Mouse Anatomy
(MA) [11]. This set of ontologies and terminologies
allows for the contextualization at multiple scales of biol-
ogy; mutations in a gene can be analyzed from multiple
perspectives, from the resulting disruption of a biological
process, and subsequent dysfunction in a cellular context,
to changes in anatomy and morphology, and scaling up to
the manifest disorder on an organismal level.
The original release of the PhenoGO database was focused
on mouse phenotypes. The database now includes anno-
tations for eleven of the species defined in the National
Center for Biotechnology Information (NCBI) taxonomy
[12], including Schizosaccharomyces pombe, Saccharomyces
cerevisiae, Caenorhabditis elegans, Drosophila melanogaster,
Drosophila sp., Danio rerio, Gallus gallus, Homo sapiens, Bos
taurus, Mus musculus, and Rattus norvegicus. Data sources
include GO annotations from the Saccharomyces
Genome Database (SGD) [13], Wormbase [14], Flybase
[15], the Zebrafish Information Network (ZFIN) [16], the
European Bioinformatics Institute (EBI), Mouse Genome
Informatics at the Jackson Laboratories (MGI) [17], and
the Rat Genome Database (RGD) [18]. The integration of
knowledge from these heterogeneous sources using estab-
lished, standardized coding schemes enables broader
application of multiscale systems approaches to the anal-
ysis of complex disease and biological processes. As the
PhenoGO dataset was developed to facilitate high
throughput mining of experimental, phenotypic or dis-
ease contexts associated to gene-to-GO annotations, the
expansion of the database was focused primarily on spe-
cies that are established model systems.
Background
Function and phenotypic context
The Gene Ontology is a one of the most widely used
resources for the functional characterization of biological
entities. The ontology is used by virtually every database
referencing proteins and genes, and numerous systems
rely on it for the codification and prediction of function
[19-21]. The concept of function has a complicated rela-
tionship to the cellular and phenotypic context due to a
number of factors such as regulatory characteristics, alter-
native splicing, epigenetic effects, and other post-transla-
tional modifications. Even alone, the concept of function
encompasses numerous genomic, genetic, and molecular
features spanning multiple scales of biology [22]. These
features include protein interaction partners, biological
pathway membership, genomic context and position, tis-
sue type, and cellular localization, all of which affect the
role of a biological entity's function in varying environ-
mental and temporal contexts. This gives rise to cases
where phenotypic information is necessary to resolve con-
flicting or inconsistent functional annotations.
Phenotypic annotations of genes
A number of model organism databases (e.g. Mouse
Genome Database, Flybase, etc.) provide phenotypic con-
texts associated to a gene, but this context is not trans-
ferred to the GO terms also associated to the gene. As
illustrated in the following example, phenotypic contexts
are not fully transitive to GO annotations related to a
common gene; in other words, every phenotypic context
associated to a gene does not necessarily apply to every
GO term also associated to the gene.
The well known athymic "nude mouse" Foxn1nu/Foxn1nu,
which is widely used in graft and cancer research, can
serve as a proof of concept of the value of phenotypic cel-
lular contexts for GO annotations. Among others, the fol-
lowing GO annotations are provided in the Mouse
Genome Database with the Forkhead box N1 (Winged-
helix transcription factor nude) gene [MGI:102949
Foxn1]: "keratinocyte differentiation [GO:003216]". Now,
a single genetic mutation is responsible for the disruption
of the winged helix protein from the region of Chromo-
some 11 of the Foxn1nu/Foxn1nu mutant mouse, and most
importantly, this mutated protein is expressed in the skin
[23], and in other anatomies, such as the thymus, ovaries,
etc.. Therefore, GO annotations of Foxn1nu allele could beBMC Bioinformatics 2009, 10(Suppl 2):S8 http://www.biomedcentral.com/1471-2105/10/S2/S8
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refined with the anatomical context. In this case, the
"keratinocyte differentiation" is specific to the skin con-
text, rather than the context of the thymus or ovaries.
Automated mapping of phenotypes
To our knowledge, there are no automated methods for
the mapping of phenotypes to GO annotations. The natu-
ral language processing (NLP) component of PhenoGO
utilizes an existing system, called BioMedLEE, which is
under development jointly by the Friedman and Lussier
research groups [24]. The BioMedLEE system is an adapta-
tion of the MedLEE system, which accurately extracts and
encodes clinical phenotypic information in patient
reports [25]. BioMedLEE extracts and encodes genotype-
phenotype relations from information in text. Chen and
colleagues described a previous version of BioMedLEE
that extracted phenotypic information, but did not map
textual terms to codes as the current system does [25].
Computational ontologies
The Phenotype Organizer System (PhenOS) is a system
developed by the Lussier Research Group with the pur-
pose of bridging the gaps among heterogeneous biomed-
ical terminologies. The system provides lexico-semantic
and model-theoretic methods for automatically mapping
one ontology to another independently of the UMLS, and
organizing and structuring phenotypes across heterogene-
ous datasets [26,27]. Specific methods of PhenOS were
used in the current study to integrate phenomic knowl-
edge structures via structured terminologies [28].
Database contents
The PhenoGO database contains phenotypic annotation
for gene-GO relationships in eleven species, expanded sig-
nificantly from its first iteration focusing on the mouse.
The database currently contains over half a million
unique annotations, derived using both natural language
processing and computational terminology techniques
(outlined in the Methods section). Table 1 shows the dis-
tribution of annotations across the eleven species repre-
sented in the database. The distribution of annotations
according to phenotypic context code is shown in Figure
1.
The PhenoGO database is made publicly accessible
through a web portal using Java Server Pages to access an
underlying mySQL database at http://www.phenogo.org.
The web portal accommodates simple queries designed to
retrieve as much information as possible and complex
queries aimed at retrieving specific slices of data. The basic
query interface, shown in Figure 2, allows for retrieval
according to PubMed ID, gene accession number, gene
name, gene description, GO code, GO name, contextual
phenotype name, contextual phenotype code, and spe-
cies. An advanced query interface allows for the recall of
entire hierarchies of ontologically associated entries based
on GO and phenotypic context codes, as shown in Figure
3. For example, a hierarchical search for GO:0001558
(regulation of cell growth) will also search for annotations
related to GO:0030308 (negative regulation of cell
growth), GO:0030307 (positive regulation of cell
growth), GO:0001559 (regulation of cell growth by detec-
tion of nuclear:cytoplasmic ratio), GO:0001560 (regula-
tion of cell growth by extracellular stimulus), and
GO:0051510 (regulation of unidimensional cell growth).
This is shown in Figure 4.
Resulting data is available in the form of formatted HTML
or tab-delimited text output for computational use. This
interface exposes the entirety of the database for export
into a computational study unlike many other resources,
which lack support for large-scale data export. Further-
more, download of the entire dataset as a single file is
available from the website.
Annotations in PhenoGO by category in Human and Mouse Figure 1
Annotations in PhenoGO by category in Human and Mouse.
Table 1: Annotations in the PhenoGO database, stratified by 
species
Taxon Name # Annotations
4896 Schizosaccharomyces pombe 344
4932 Saccharomyces cerevisiae 4,192
6239 Caenorhabditis elegans 12,212
7227 Drosophila melanogaster 91,782
7242 Drosophila sp. 238
7955 Danio rerio 3,142
9031 Gallus gallus 358
9606 Homo sapiens 102,262
9913 Bos taurus 804
10090 Mus musculus 427,275
10116 Rattus norvegicus 15,432
Total 658,041BMC Bioinformatics 2009, 10(Suppl 2):S8 http://www.biomedcentral.com/1471-2105/10/S2/S8
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Methods
The addition of ten additional species to the database was
done using the existing PhenoGO data extraction pipe-
line. Gene Ontology annotations for Schizosaccharomyces
pombe,  Saccharomyces cerevisiae,  Caenorhabditis elegans,
Drosophila melanogaster, Danio rerio, Gallus gallus, Homo
sapiens,  Bos taurus,  Mus musculus, and Rattus norvegicus
were downloaded from the current annotations section of
the Gene Ontology website at http://geneontology.org.
Phenotypic associations were made using a combination
of methods utilizing natural language processing and
computational terminology approaches. The natural lan-
guage processing approach applied the BioMedLEE NLP
engine [25] to derive annotated lists of genes, their related
GO terms, and phenotypic associations given a list of
PubMed abstracts. Additional mappings are derived using
the existing MeSH annotations found in abstracts. The
resultant output was then processed with the PhenOS sys-
tem, yielding the final gene-GO-phenotype entries. The
method is described in detail in [29].
Diseases were annotated through the extension and
expansion of the original processing pipeline designed for
the annotation of cellular and anatomical contexts. First,
the two paths of the encoding pipeline were modified to
handle disease and clinical finding associated phenotypic
context. Disease and clinical finding-related semantic
types from the UMLS were introduced into the BioM-
edLEE knowledge base to supplement the NLP-driven
encoding of disease phenotypes while disease associated
MeSH headings were added into the system to enable
direct extraction of these annotations. To ensure consist-
ency, disease and clinical finding-associated MeSH head-
ings and UMLS terms were chosen using the same
semantic type filtering rules. Additionally, grammar rules
specific for the recognition of diseases and clinical find-
ings from the MedLEE system were also added to the
BioMedLEE ruleset to enable the encoding of the new
class of contexts [24].
The gene accession number-GO code-phenotype entries
resulting from this pipeline are enriched with full-text
The PhenoGO Portal and basic query Figure 2
The PhenoGO Portal and basic query. The basic query interface was designed to be inclusive in gathering results, return-
ing annotations in the database matching any one or more of the user's query terms.BMC Bioinformatics 2009, 10(Suppl 2):S8 http://www.biomedcentral.com/1471-2105/10/S2/S8
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annotations for terms and names to enhance data reada-
bility and searchability using a series of Perl scripts which
match gene accession numbers and GO identifiers to their
names and descriptions. Data correlating identifier codes
and accession numbers are taken from the Gene Ontology
description files and the gene description files from Uni-
Gene, UniProt, MGI, RGD, SGD, Wormbase, and Flybase.
A web portal was developed to provide access and filtering
functionality for the database. This portal provides two
modes of querying the data. The first is a simple query
which users are first exposed to on the front page of the
portal. It allows for a search by all the fields of the data-
base, including Pubmed ID, gene accession number, gene
name, gene description, GO ID code, GO Term name,
phenotype or experimental context code, and phenotype
or experimental context description. This query mecha-
nism is designed to provide users with a large number of
results from the database, essentially corresponding to a
logical OR query for all the query terms. An advanced
query system is also made available to provide more exact
results. The advanced query allows for searches based on
the same fields as the basic interface, however it is focused
on providing sets of results passing a number of strict cri-
teria. This equates to a logical AND query between all the
search terms specified by the user in specific fields. The
interface also makes use of the structured organization of
the Gene Ontology, the UMLS, and the Cell Ontology to
provide hierarchical query functionality for the GO and
context fields. This is done through the generation of a
number of ancestor-descendent tables which are recur-
sively processed at query time to determine all descend-
The PhenoGO Advanced Query Figure 3
The PhenoGO Advanced Query. The advanced query page allows users to quickly narrow down their results of interest, 
allowing for hierarchical queries of the database using GO and Phenotypic and Experimental contextual queries of interest.BMC Bioinformatics 2009, 10(Suppl 2):S8 http://www.biomedcentral.com/1471-2105/10/S2/S8
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ents or descendents and subclasses of user-specified
contextual or GO terms.
The comprehensive evaluation was completed independ-
ently by two reviewers, each of whom reviewed 300
entries from the human and mouse subsets of the data-
base. These entries were randomly retrieved directly from
the PhenoGO mySQL database in 100 entry sets and strat-
ified by context type. These four context types were
defined by the BioMedLEE NLP engine; 'cell' involving
annotations pertaining to cells and cell types, 'anatomy'
encompassing annotations related to anatomies and mor-
phologies, and 'problem' and 'problemdescr' describing
diseases and disorders. The context types 'problem' and
'problemdescr' were merged into a general class encom-
passing both diseases and clinical phenotypes due to their
similarity. Evaluation of this class was achieved using 50
random entries examined by two reviewers independ-
ently. Confidence intervals are calculated using the confi-
dence level for proportions equation.
Our evaluation metrics were structured such that a true
positive is only scored when the pipeline is able to both
accurately encode a phenotype and associate it to its cor-
responding Gene-GO pair. Precision was measured by
manually evaluating the entries recalled from the random
draw and determining the percentage of correct annota-
tions out of the total drawn entries. Recall was evaluated
by randomly drawing encoded sentences from the NLP
evaluated literature and computing the fraction which
were seen in the encoded dataset.
Results and discussion
As shown in Figure 5, a comprehensive evaluation of a
random set of 300 phenotypic annotations was con-
ducted to measure the accuracies of the mappings after the
initial expansion of the database, adding many more
organisms and the disease class: precision (positive pre-
dictive value) was measured at 85% (95% Confidence
Interval: 82%–89%), and recall (sensitivity) was meas-
ured at 76% (95% CI: 69–83%). An additional 92,910
annotations were added after the comprehensive evalua-
tion was complete. Particular attention was also focused
on the newly added disease focused annotations in
humans, where an evaluation done over 50 random
annotations measured precision at 80% (95% CI: 69%–
90%). Also of interest are the 115,464 phenotypic con-
texts of the CO mapped to GO annotations with a preci-
sion of 88% (95% CI: 82%–94%) and a recall of 79%
(95% CI: 69%–89%). Table 1 illustrates the distribution
of phenotypic annotation in the database.
ˆ
ˆ( ˆ)
p
pp
N
±
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Precision in each of three evaluations n = 300 Figure 5
Precision in each of three evaluations n = 300.
A hierarchal query in the Gene Ontology will return results  from descendent concepts Figure 4
A hierarchal query in the Gene Ontology will return 
results from descendent concepts. The hierarchical 
query of GO:0001558 (regulation of cell growth) will result 
in the retrieval of annotations associated with several 
descendent concepts in the Gene Ontology.BMC Bioinformatics 2009, 10(Suppl 2):S8 http://www.biomedcentral.com/1471-2105/10/S2/S8
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The high levels of accuracy demonstrated in the evalua-
tion show that the PhenoGO resource can be used as a
data source in a number of computational applications.
This high level of accuracy was valuable in conducting our
study of human diseases and their relationships through
the creation of a phenome-interactome network. This net-
work was composed of the gene-disease relationships
found in PhenoGO coupled with molecular interactions
in a high-quality, human curated protein-protein interac-
tion network [1]. Similar studies by Lage et al. [2] and Goh
et al. [30] used similar phenotype data derived though
natural language processing of OMIM. The popularity of
OMIM reveals both the high quality of its contents and
the relative paucity of readily computable genome-phe-
nome resources available to researchers.
This is particularly important for candidate gene prioriti-
zation applications where the availability of accurate, pre-
cise, and computable knowledge is a necessity in order to
train classifiers or filter biological candidates. In addition,
the application of context in many studies should help
further pare down the candidate list based on temporal
expression patterns and localization. Alternatively, using
cell ontology, which is a new authoritative organization of
cell types, one can use PhenoGO and GO annotations
databases to create a high throughput comparative analy-
sis of gene-GO annotations across species. Similarly,
many other automated predictive or analytic systems can
be built over the PhenoGO phenotypic contexts related to
specific GO annotations.
Limitations
The current alpha version of the http://www.Phe
noGO.org database does not provide a query over the spe-
cific taxon or the "experimental evidence codes" found in
Gene Ontology. An update of the dataset content is con-
ducted annually in July.
Conclusion and future work
This paper demonstrates the PhenoGO resource, a multi-
organism database augmenting existing Gene Ontology
annotations with phenotypic context using a number of
widely used structured ontologies. An evaluation of the
contextual modifications demonstrates that the resource
reaches a high level of accuracy, comparable to other exist-
ing biological resources. By enriching existing functional
annotations with phenotypic context, we increase the spe-
cificity and computability of the annotations. The expan-
sion of the database to include ten additional species and
addition of disease annotations makes it a prime resource
for high-throughput experiments examining the complex-
ities underlying disease and their associated biological
processes. Our objective is to provide an accurate and reg-
ularly updated open source database of phenotypic and
contextual annotations for high throughput access and
analysis by the biological and bioinformatics communi-
ties, accessible in a structured, readily computable form.
As a consequence, we intend to revise the automated
BioMedLEE and PhenOS technologies to increase the
recall and precision of the system by providing methods
for filtering by levels of predicted accuracy. Additionally,
during the coming update in July, additional advanced
query capabilities will be added across species and "exper-
imental evidence codes" found in GO.
Competing interests
The authors declare that they have no competing interests.
Authors' contributions
Lussier was responsible of the overall design and contrib-
uted to the R&D of BioMedLEE and PhenoGO. Friedman
contributed significantly to BioMedLEE. Sam and Li were
involved in the implementation and updates respectively.
Sam, Mendonca, Blake, Friedman and Lussier contributed
to the evaluation. Sam and Lussier were involved in the
discussion.
Acknowledgements
Thanks to Tara Borlawsky for her help in generating the data and contrib-
uting to the evaluation. This study was supported in part by NIH/NLM 
grants 1K22 LM008308-01, R01 LM007659, and 1U54CA121852.
This article has been published as part of BMC Bioinformatics Volume 10 Sup-
plement 2, 2009: Selected Proceedings of the First Summit on Translational 
Bioinformatics 2008. The full contents of the supplement are available 
online at http://www.biomedcentral.com/1471-2105/10?issue=S2.
References
1. Sam L, Liu Y, Li J, Friedman C, Lussier YA: Discovery of protein
interaction networks shared by diseases.  Pac Symp Biocomput
2007:76-87.
2. Lage K, Karlberg EO, Storling ZM, Olason PI, Pedersen AG, Rigina O,
Hinsby AM, Tumer Z, Pociot F, Tommerup N, et al.: A human phe-
nome-interactome network of protein complexes impli-
cated in genetic disorders.  Nat Biotechnol 2007, 25(3):309-316.
3. Franke L, Bakel H, Fokkens L, de Jong ED, Egmont-Petersen M, Wij-
menga C: Reconstruction of a functional human gene net-
work, with an application for prioritizing positional
candidate genes.  Am J Hum Genet 2006, 78(6):1011-1025.
4. van Driel MA, Bruggeman J, Vriend G, Brunner HG, Leunissen JA: A
text-mining analysis of the human phenome.  Eur J Hum Genet
2006, 14(5):535-542.
5. George RA, Liu JY, Feng LL, Bryson-Richardson RJ, Fatkin D, Wouters
MA: Analysis of protein sequence and interaction data for
candidate disease gene prediction.  Nucleic Acids Res 2006,
34(19):e130.
6. Camon E, Barrell D, Lee V, Dimmer E, Apweiler R: The Gene
Ontology Annotation (GOA) Database – an integrated
resource of GO annotations to the UniProt Knowledgebase.
In Silico Biol 2004, 4(1):5-6.
7. Bard J, Rhee SY, Ashburner M: An ontology for cell types.  Genome
Biol 2005, 6(2):R21.
8. Lindberg C: The Unified Medical Language System (UMLS) of
the National Library of Medicine.  J Am Med Rec Assoc 1990,
61(5):40-42.
9. Rogers FB: Medical subject headings.  Bull Med Libr Assoc 1963,
51:114-116.
10. Smith CL, Goldsmith CA, Eppig JT: The Mammalian Phenotype
Ontology as a tool for annotating, analyzing and comparing
phenotypic information.  Genome Biol 2005, 6(1):R7.Publish with BioMed Central    and   every 
scientist can read your work free of charge
"BioMed Central will be the most significant development for 
disseminating the results of biomedical research in our lifetime."
Sir Paul Nurse, Cancer Research UK
Your research papers will be:
available free of charge to the entire biomedical community
peer reviewed and published  immediately upon acceptance
cited in PubMed and archived on PubMed Central 
yours — you keep the copyright
Submit your manuscript here:
http://www.biomedcentral.com/info/publishing_adv.asp
BioMedcentral
BMC Bioinformatics 2009, 10(Suppl 2):S8 http://www.biomedcentral.com/1471-2105/10/S2/S8
Page 8 of 8
(page number not for citation purposes)
11. Hayamizu TF, Mangan M, Corradi JP, Kadin JA, Ringwald M: The
Adult Mouse Anatomical Dictionary: a tool for annotating
and integrating data.  Genome Biol 2005, 6(3):R29.
12. Wheeler DL, Chappey C, Lash AE, Leipe DD, Madden TL, Schuler
GD, Tatusova TA, Rapp BA: Database resources of the National
Center for Biotechnology Information.  Nucleic Acids Res 2000,
28(1):10-14.
13. Hong EL, Balakrishnan R, Dong Q, Christie KR, Park J, Binkley G, Cos-
tanzo MC, Dwight SS, Engel SR, Fisk DG, et al.: Gene Ontology
annotations at SGD: new data sources and annotation meth-
ods.  Nucleic Acids Res 2008:D577-581.
14. Harris TW, Chen N, Cunningham F, Tello-Ruiz M, Antoshechkin I,
Bastiani C, Bieri T, Blasiar D, Bradnam K, Chan J, et al.: WormBase:
a multi-species resource for nematode biology and genom-
ics.  Nucleic Acids Res 2004:D411-417.
15. Wilson RJ, Goodman JL, Strelets VB: FlyBase: integration and
improvements to query tools.  Nucleic Acids Res 2008:D588-593.
16. Sprague J, Bayraktaroglu L, Clements D, Conlin T, Fashena D, Frazer
K, Haendel M, Howe DG, Mani P, Ramachandran S, et al.:  The
Zebrafish Information Network: the zebrafish model organ-
ism database.  Nucleic Acids Res 2006:D581-585.
17. Eppig JT, Bult CJ, Kadin JA, Richardson JE, Blake JA, Anagnostopoulos
A, Baldarelli RM, Baya M, Beal JS, Bello SM, et al.:  The Mouse
Genome Database (MGD): from genes to mice – a commu-
nity resource for mouse biology.  Nucleic Acids Res
2005:D471-475.
18. Twigger SN, Shimoyama M, Bromberg S, Kwitek AE, Jacob HJ: The
Rat Genome Database, update 2007 – easing the path from
disease to data and back again.  Nucleic Acids Res 2007:D658-662.
19. Tao Y, Sam L, Li J, Friedman C, Lussier YA: Information theory
applied to the sparse gene ontology annotation network to
predict novel gene function.  Bioinformatics 2007,
23(13):i529-538.
20. King OD, Foulger RE, Dwight SS, White JV, Roth FP: Predicting
gene function from patterns of annotation.  Genome Res 2003,
13(5):896-904.
21. Vinayagam A, Konig R, Moormann J, Schubert F, Eils R, Glatting KH,
Suhai S: Applying Support Vector Machines for Gene Ontol-
ogy based gene function prediction.  BMC Bioinformatics 2004,
5:116.
22. Bork P, Dandekar T, Diaz-Lazcoz Y, Eisenhaber F, Huynen M, Yuan Y:
Predicting function: from genes to genomes and back.  J Mol
Biol 1998, 283(4):707-725.
23. Mouse Genome Database (MGD) MGIWS, The Jackson Lab-
oratory, Bar Harbor, Maine   [http://www.informatics.jax.org].
[August 15, 2005].
24. Lussier Y, Friedman C: BiomedLEE: a natural-language proces-
sor for extracting and representing phenotypes, underlying
molecular mechanisms and their relationships.  ISMB 2007
[http://www.iscb.org/uploaded/css/O02Lussier.pdf].
25. Chen L, Friedman C: Extracting phenotypic information from
the literature via natural language processing.  Stud Health
Technol Inform 2004, 107(Pt 2):758-762.
26. Lussier YA, Li J: Terminological mapping for high throughput
comparative biology of phenotypes.  Pac Symp Biocomput
2004:202-213.
27. Sarkar IN, Cantor MN, Gelman R, Hartel F, Lussier YA: Linking bio-
medical language information and knowledge resources: GO
and UMLS.  Pacific Symposium on Biocomputing 2003:439-450.
28. Cantor MN, Sarkar IN, Bodenreider O, Lussier YA: Genestrace:
phenomic knowledge discovery via structured terminology.
Pac Symp Biocomput 2005:103-114.
29. Lussier Y, Borlawsky T, Rappaport D, Liu Y, Friedman C: PhenoGO:
assigning phenotypic context to gene ontology annotations
with natural language processing.  Pac Symp Biocomput
2006:64-75.
30. Goh KI, Cusick ME, Valle D, Childs B, Vidal M, Barabasi AL: The
human disease network.  P r o c  N a t l  A c a d  S c i  U S A  2007,
104(21):8685-8690.